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Abstract 

Purpose: To monitor pre-season training load completed by semi-professional youth soccer 

players in the Irish National League. This paper investigates the relationships between 

objective and subjective monitoring measures and the use of a specific monitoring strategy as 

a potential way to predicted periodised plans. Methods: Prior to the commencement of the 

study a monitoring strategy was used to predict match difficulty (PMD) and create a monthly 

periodised plan. The coach also predicted the training load (TL) value for each session. 

Thirteen under-15 (U15) players were monitored over a 4-week period during the last four 

weeks of the 2019-2020 pre-season. Every day during the intervention, the players completed 

a Mind and Body Questionnaire (subjective measures) and after each training/match, they 

would fill in their Activity (objective measures) on the Metrifit Application. Training and 

match loads were calculated by multiplying the session-RPE by the duration. A total of 9 

training sessions and 3 matches were calculated and later given an average team TL value for 

each training/match.  A t-test or correlation coefficient was conducted to investigate the 

difference or relationship between the different variables. The p-value for which the researcher 

accepted the null hypothesis was p > .05 and rejected was p < .05. Results: Significant 

correlation between PMD and actual match difficulty (AMD) (p < .001), while no significant 

correlation between subjective and objective measures (p > .05). Significant difference 

between PTL and ATL (p < .001) and no significant difference between EWMA (M = 0.83) 

and RA (M = 0.82) (p = .33, p > .05). Conclusions: The data shows that the coach’ PMD was 

similar to the team’s AMD however, his perception of TL in every training and match was 

always higher than the team's TL. Over the 4-week period, the EWMA model was not a more 

accurate way of noticing injury and majority of subjective and objective measures did not 

correlate. PMD has been found to be an effective way to create micro and meso periodised 

plans.  

Keywords: training load, periodisation, monitoring strategy, subjective measures, objective 

measures, predicted match difficulty 
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Chapter 1 – Introduction & Literature Review 

Introduction  

Monitoring athlete training load (TL) has become a hotly debated topic within the high-

performance world in recent years. Both sports scientists (SS) and coaches are constantly 

seeking out which is the best particular method to apply to their sport (Bourdon et al., 2017; 

McGuigan, 2017). Due to the field’s exponential rise, it has given likes too many industries 

aiming towards the development of “new and novel paradigms” to help coaches calculate 

internal and external loads in the hope of preventing injury and illness for their athletes 

(Bourdon et al., 2017).  The understanding of why coaches/SS monitor athlete TL is essentially 

to look at how well the athlete is responding to the training program, understanding the athlete 

response to training, assessing fatigue and recovery time and to mitigate against injury and 

illness (Bourdon et al., 2017; McGuigan, 2017). On average a youth football team will play 

30-50 games in a domestic season depending on cup runs. The need to mitigate against illness 

and injury is an important aspect as there are often times in a season where a team may play 

biweekly and a player within that team may play both entire games. A teams success is often 

dependant on the number of injuries occurred throughout their season. In other words, the 

larger the squad the greater the chance of success (Arnason et al., 2004; Eirale, Tol, Farooq, 

Smiley, & Chalabi, 2013; Hägglund et al., 2013).  

Literature Review  

One particular way to reduce injuries is the ability to accurately monitor an athlete’s internal 

TL (iTL). An athlete’s iTL can be referred to as the biological (physiological and 

psychological) stressors placed on the body during training or competition. Such measures 

include rate of perceived exertion (RPE), blood lactate, heart rate (HR) and oxygen 

consumption (Saw, Main & Gastin, 2016; Bourdon et al., 2017). Prior to 2001, no method was 

proven valid in the calculation of TL for high intensity exercise training (Foster et al., 2001), 

until Foster et al. proposed a method which looked at the calculation of Borg's modified RPE 

scale (CR10) (Figure 1) (Borg, 1985) multiplied by the duration of the session to give a TL 

value. The study looked at the newly proposed method in correlation with an objective based 

measure (HR) to prove the method's validity. 
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Figure 1. Borg’s RPE Scale (Borg, 1985)  

Measure iTL (Foster et al., 2001) 

Duration of the session (Minutes) x RPE = TL value expressed in Arbitrary Units (AU). 

Objective Measure (Edwards, 1994) 

Sum of all the HR zones (1-5) put together = AU (Figure 2) 

 

Figure 2. Edwards (1994) HR method to calculate TL  

Since its proven validity, it has been used in many team sports as a valuable way of monitoring 

TL (Gabbett & Jenkins, 2011; Malone et al., 2015; Los Arcos, Martínez-Santos, Yanci, 
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Mendez-Villanueva, 2017). Within the study, the researchers gathered each athletes TL 30 

minutes after the completion of the session to ensure the athletes session RPE (sRPE) would 

not be biased towards what exercise they completed at the end of the session (Foster et al., 

2001), which has been applied with the same approach in post studies (Gabbett & Jenkins, 

2011; Scott, Lockie, Knight, Clark, & Janse de Jonge, 2013; Marroyo & Antoñan, 2015). 

However, in 2015, a study was conducted to investigate the difference between timing 

measures on RPE. From the results, they found that there was no difference between RPE taken 

immediately at the end of the session or 30 minutes after the session (P≥ .05) (Fanchini, 

Ghielmetti, Coutts, Schena & Impellizzeri, 2015). This is positive news for coaches to hear as 

the athlete can now begin their recovery strategies quicker for the next training session 

(Fanchini et al., 2015). In the same year, Malone et al. (2015) collected RPE immediately after 

training using Foster’s method along with GPS and HR monitors to measure TL. This proved 

to be a beneficial method due to the fact that the study dealt with elite English Premier League 

players, which meant their recovery strategies needed to start immediately once the session 

was over. In 2016, Fanchini et al. reported that athletes recorded their RPE score 20 minutes 

after completion of the training using both CR100 and CR10. Both studies showed a clear 

indication that TL can be calculated using Foster’s method, 20 minutes or immediately after 

training. However, what they noticed in the 2016 study was that the CR100 scale gave a more 

precise measure of calculating TL rather than the CR10 due to the fact that the CR100 is a 

larger scale and provides associations towards a percentage scale (Borg & Kaijser, 2006). For 

example,  if the same athlete came in after the exact same training session (90mins) and looked 

at CR10 scale he/she could only pick a RPE value from one to ten (e.g. 6) while if they were 

shown the CR100 scale they could pick an RPE value from 1-100 (e.g. 66). 

CR10 

RPE (6) x Duration (90mins) =540 AU  

CR100 

RPE (66 = 6.6) x Duration (90mins) = 594 AU  

External TL is an objective based measure of work performed by the athlete during training or 

in competition (Bourdon et al., 2017; Jaspers et al., 2017). Such measures include global 

positioning system (GPS), speed, power, accelerometer-derived parameters, and time-motion 

analysis. However, these measures are quite expensive for your typical amateur/semi-

professional team but one external measure that has proven effective over the past is the Acute 
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Chronic Workload Ratio (ACWR) (Gabbett, 2016; Hulin et al, 2016; Jobson et al., 2009; 

Bowen, Gross, Gimpel & Li, 2017) The ACWR has been used to optimise training and manage 

appropriate levels of load on an individual basis. The ACWR is a simplification of Banister’s 

original fitness-fatigue model which uses a rolling averages method that investigates TL on an 

acute (5-10 day) compared with the chronic (4-6 weeks) workload.  It has been known that if 

the acute load exceeds the chronic load the likelihood of injury risks rises exponentially (Hulin 

et al., 2016). However in recent years, the validity of the ACWR has been questioned for 

identifying injury risks (Hulin et al, 2016; Jobson et al., 2009; Bowen et al., 2017) as it fails to 

take into account the decaying nature of fitness and fatigue over a period of time, as a result, 

the method may not accurately reflect the manner in which loads are accumulated appropriately 

(Bourdon et al., 2017). An alternative method that has proven to be a more sensitive measure 

for identifying injury risk is the Exponential Weighted Moving Averages (EWMA) (Williams, 

West, Cross & Stokes, 2017; Murray, Gabbett, Townshend & Blanch, 2017).  

The ACWR is calculated by dividing the acute workload with the chronic workload which will 

give the athlete a value that has certain implications on the percentage of attaining an injury 

(White, 2017). For example, if an athlete lies between 0.8-1.3 (Figure 3), the acute TL is equal 

or close to the chronic TL. Therefore, the chances of the athlete attaining an injury are 

significantly reduced while compared to when an athlete's acute value exceeds 1.5, the 

likelihood of injury increases by 3-5 times (Hulin et al., 2014). However, it has also been found 

that high chronic loads could be used as a protective barrier to reduce injury. Hulin et al. (2013) 

conducted a study to investigate the relationship between acute and chronic loads on injury, 

with elite cricket bowlers. The researchers concluded that the athletes who bowled the greater 

number of balls over a four week period the lower the chance they had of attaining an injury, 

which has also been the case in multiple studies after (Hulin et al., 2016; Gabbett, Hulin, 

Blanch, & Whiteley, 2016; Gabbett, 2016). Therefore, exposure to high loads allows the body 

to tolerate loads (Bourdon et al., 2017). Other possible factors for the athletes being able to 

tolerate the high load could be because of their aerobic fitness and experience level, as Malone 

et al. (2018) found this to be true when working with elite GAA players.   
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Figure 3. ACWR Graph (Blanch & Gabbett, 2016) 

Yes, internal and external measures have proven to be a beneficial way of measuring TL 

independent of one another, however, if both measures are used coincide of one another it will 

provide both coaches and SS a greater insight into and athletes training stress (Bourdon et al., 

2017). Training stress occurs within an athlete when the acute TL exceeds the chronic TL. This 

has implications on the athlete's physical and psychological well-being which slowly 

progresses from acute fatigue to overreaching and eventually leads to overtraining syndrome 

(Coutts & Cormack, 2014). In order for the athlete to achieve some type of adaptation to the 

program both skill and S&C coach must provide a clear periodized plan to allow for 

overreaching, however, if overtraining syndrome occurs, the program is considered to be too 

physically and psychologically demanding on the athlete. As a result, this can lead to a drop in 

performance, illness or injury. To prevent this from happening coaches/SS should carefully 

monitor the well-being and TL of the athlete (Fry, Morton & Keast 1991; Kuipers & Keizer, 

1988; Meeusen, et al., 2013). Saw et al. (2015) described objective measures to be 

performance, physiological and biomechanical while subjective measures to be “perceived 

physical and psychological well-being”. A systematic review investigated the relationship 

between objective and subjective measures of an athlete’s well-being, which also looked at 

both measures in relation to acute and chronic TL. The results showed that both measures did 
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not correlate with one another and subjective measures were far superior in the consistency and 

sensitivity when observing acute and chronic TL. This provides coaches/SS with a greater 

insight into their athletes and should be especially used in pre-season as this is the time where 

skill and S&C coaches expect to see some type of overreaching.  

The football season is long and complex, where semi and professional athletes are required to 

blend a mix of physical fitness with technical, tactical and mental aspects (Los Arcos, Mendez-

Villanueva, Martínez-Santos, 2017) to their game. As a result, in order to achieve this, the 

coach must provide a good annual training plan (ATP). An ATP is an essential component of 

the coach's periodization plan, as it sets out specific objectives for different phases of the season 

(Bompa & Haff, 2009; Reilly, 2005) while periodization can be described as the 

implementation of these specific objectives in the hope of minimising the risk of injury and 

maintaining athletic performance (Fleck, 2011). An ATP of football can be broken down into 

three sections (Figure 4), which can be broken down into further detail depending on the coach. 

Pre-season is when the athletes are preparing for the season which usually lasts 4-8 weeks. In-

season is where the athletes play all their competitive matches and it is the longest period of 

which typically lasts 34-39 weeks. Off-season or the transition period is where the athletes are 

free to take a break from the sport. However, there are often times where both youth and senior 

athletes may not be able to take a break as they could be playing at international competitions 

for their country (e.g. World Cup or European Championships). Therefore, the importance of 

monitoring an athlete's internal and external TL is imperative as it provides the coaches with a 

greater insight into the athlete's training stress (Halson, 2014). The "traditional models" (Chiu 

& Barnes, 2003) of periodization plans have come into doubt in recent years especially within 

team sports. The traditional models considered training to be a progressive process of hitting 

targets from general to specific, with low to high-intensity phases (Bompa, 1999; Harre, 1982; 

Matveyev, 1981). However, this is not the case for football, as the game demands a large 

number of different abilities and skills at the same time (Issurin, 2010). Therefore, the 

coaches/SS need specific strategies to help manage the acute variables that occur within the 

team on a weekly basis in order to achieve appropriate levels of performance for each athlete 

on game day (Gamble, 2006; Pyne, 2001).  

A study was conducted over a five year period to assess the pre-season periodization strategies 

of Italian soccer teams (Francioni et al., 2016). A total of twenty teams participated in the study 

and were chosen on the basis of competing in European competition and the Serie A (EU), 

competing only in the Serie A (A) and competing in the Serie A who had just been promoted 
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from the Serie B (B). To help identify the periodization strategies within each club category 

they were analysed on (1) duration of non-competitive periods (2) Number of games played 

and (3) days between two consecutive games. The results showed the EU teams played more 

non-competitive matches than both categories and had a shorter pre-season than A, while B 

had the shortest pre-season. No significant differences were found between games. One can 

hypothesize that the reason why the EU teams are finishing higher in the league is that they 

have a short pre-season and they play more tournaments against high-quality opposition. 

Sometimes it is necessary to state the obvious and in this case, finances are a significant factor 

as it attracts the best players to the top clubs (e.g. Juventus).  

Foster et al. (2001) hypothesised that their method could later be used as a possible way to 

evaluate periodized plans. Since 2001, multiple studies (Impellizzeri et al., 2004; Marroyo & 

Antoñan, 2015; Malone et al., 2015; Malone, Jaspers, Merks, Frencken & Brink 2018) have 

been conducted using this method. In recent years there have been studies which have looked 

at predicting TL using machine learning techniques (Bartlett et al., 2017; Jaspers et al., 2018). 

However, there is limited research looking at the relationship between the coaches estimated 

periodization plan (EPP) from the calculation of Foster et al. method. One particular reason is 

there is a large number of coaches (both amateur and professional) that do not understand what 

load they are prescribing to their athletes. Many skills coaches tend to rely on intuition rather 

than a prescribed plan (Cormack, 2001). Furthermore, it has been previously reported that 

coaches who completed training load for their athletes tend to be poorly executed. Coaches 

who reported high loads to their athletes actually completed the training at lower intensities 

than expected and recovery sessions were actually higher than intended (Foster et al., 2001). 

This result was also the same in 2014, where the coach's perceived the training to be easier than 

the player's perceived exertion. This is a worrying factor to know for players as both coaches 

were considered to be at the highest level of their career, one with attaining a UEFA A Badge 

and the second with a UEFA PRO Badge. However, what the paper did mention was the U17 

players in the first year experienced more intense training sessions compared to the second 

year. A possible reason for this could be that the coaches were beginning to have a greater 

understanding of each player (who did not go up to the U19s) and a better understanding of 

their own training sessions (Brink, Frencken, Jordet & Lemmink, 2014). This was later proved 

to be the same in a different paper where the coach's perception did not match the athletes for 

TL (Brink, Kersten & Frencken, 2017). The researchers went on to conclude that if there is a 

mismatch between estimated RPE and actual RPE the periodization plan suffers, which could 
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lead to a maladaptation in players and as a result, the athletes get either sick or injured. 

However, one thing that previous studies have not done is the use of a training monitoring 

system to help predicted match difficulty (Kelly & Coutts, 2007) which could aid coaches in 

understanding of load for each microcycle. 

The system (Figure 5) was designed for in-season periodization to help semi-professional 

rugby union coaches quantify training loads effectively for each microcycle. The model 

predicts match difficulty and also uses session-RPE (sRPE) to calculate TL. The system takes 

into account four steps; (1) PMD, (2) Plan weekly TL based on PMD, (3) monitor actual TL 

and (4) review and return to step one. Once step one and two are complete the coach will have 

a visual representation of what his/her microcycle will look like.  At the end of the study, the 

researchers concluded this method is a cheap and easy way to PMD while providing 

coaches/SS with a greater understanding of in-season periodization. Similar strategies have 

been used in recent years (Robertson & Joyce, 2015; Robertson & Joyce, 2018) to develop the 

existing model to create a more strategic in-season tactical periodization plan. What researchers 

have recently found out that the factor relating to PMD or Match Difficulty Index (MDI) are 

broken into two categories fixed (e.g. Opposition, match Location, between match break) and 

dynamic (Opposition rank, team form, ladder position, number of team changes from the 

previous week and number of first-year players). They concluded that in order to accurately 

PMD coaches must evaluate the upcoming fixtures every month or every 4 weeks. From 

previous studies researchers have shown that PMD is shown to be a useful tool in the 

development of creating an in-season periodization plan, however, could it be used for pre-

season?   

 

Figure 4. Soccer Season   Figure 5. Monitoring System (Kelly & Coutts, 2007) 

 

Off-
Season 

Pre-
Season 

In-
Season 
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Chapter 2 - Methodology  

Rationale  

As football grows older, new talented athletes emerge trying to over past their previous 

successors, physically, mentally and tactically (Wallace and Norton, 2014; Reilly, Bangsbo 

and Franks, 2000). That is why the importance of monitoring TL has vital importance on an 

athlete reaching these new heights and overpassing their successors (Owen, Lago-Peñas, 

Gómez, Mendes, Dellal, 2017).  In a single season, an elite youth football player will play at 

least one game a week with a minimum of two or more training sessions a week. That is why 

the importance of monitoring TL and creating a sports specific periodisation plan based around 

Borg’s modified RPE scale can have critical implications on the athlete’s development, as it 

takes into account an athletes physical and psychological stress levels of the training session 

(Foster et al., 2001). This study attempts to provide the coach/reader a better insight 

overreaching and overtraining syndrome when creating a periodized plan, why subjective 

measures have an effect on an athlete’s TL and reduce the amount of injuries and illnesses in 

football.  

Aim 

The aim of this study is to calculated athlete TL, investigate the relationships between objective 

and subjective measures. This paper also aims to investigate a specific monitoring strategy as 

a potential way to predicted periodised plans. 

 Null Hypothesis  

The p-value for which the researcher will accept the null hypothesis is p > .05 and reject the 

null hypothesis is p < .05.  

1. There is no significant difference between the coach’s PTL and the team’s ATL  

2. There is no significant difference between the EWMA and the RA method, in terms 

of noticing injury.  

3. There is no significant relationship between subjective based measures and objective 

based methods (EWMA & RA).  

4. There is no significant relationship between subjective based measures and TL values 

5. There is no significant relationship between PMD and Actual Match Difficulty 

(AMD)?  



10 

 

Additional Research Questions  

1. Can PMD be a good indicator for creating periodized plans during the off-season? 

Conceptual Framework  

This study will take place in pre-season over a four week period with the Drogheda United 

U15s squad (N = 13). The athletes (Mean age = 15) will complete two technical and tactical 

(T&T) training sessions per week and one match during the weekend. The type of research 

design for the study is a prospective, longitudinal cross-sectional design. T&T sessions will be 

created by the manager/head coach and will be 90 minutes long (See Appendix 1). If each 

session is coached appropriately along with a correct periodization plan athletes will have the 

necessary requirements to steadily progress onto each new training session.  

Data Sources  

Prior  

Prior to the commencement of the study the manager/head coach will carefully plan out each 

of his training sessions. Using Foster’s method (2001) (RPE x Duration) to calculate TL, the 

coach will give an estimated RPE score for each of his training sessions and will give a TL 

value for the match (See Appendix 1). The coach will also calculate predicted match difficulty 

(PMD) using Coutts and Kelly’s (2007) system (Figure 5). Prior to the commencement of the 

study player’s will be given a two week familiarization period on how to use the Metrifit 

application where they will fill out their ‘Mind and Body Questionnaire’ (MBQ) (Figure 6) as 

well as their ‘Activity’ (Figure 7). 

During  

After the two week familiarization period, athletes will fill out their MBQ each day (Figure 6). 

To ensure reliability and validity of the use of the MBQ each athlete is required to fill out the 

questionnaire in the morning as there could be various factors that could affect the athlete’s 

well-being throughout the day. Prior to completion of the session the athlete will fill out the 

Activity section (Figure 7), where they will input the type of activity (E.g. Competition/Match) 

and their RPE scores.  
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Figure 6. Mind & Body Questionnaire  

 

Figure 7. Activity  

Variables/Concepts – What will be done?  

During the study, the coach’s predicted TL (PTL) will be compared to the athletes actual TL 

(ATL).A total of nine training sessions and three matches will be collected (n = 12). Post-

intervention comparisons will be made to investigate if the coach's periodization plan matches 

the players TL (Figure 8). 



12 

 

  

Figure 8. Comparison of PTL & ATL per week (Kelly & Coutts, 2007) 

Predicated Match Difficulty (PMD):  

Prior to the commencement of calculating PMD, there are three factors which must come into 

account: 

1. Opposition – If there are a group of five teams in a division the coach will score each 

team from 1-5 with 5 being the toughest game and 1 being the weakest. At the end of 

each week, the coach will reassess the rank of the other clubs. It is also possible that 

some teams may not change the position from where they originally started. (Kelly & 

Coutts, 2007). Over this 4-week period, Drogheda United’s U15s will play a total of 

four matches. The coach will position each of the four teams, including Drogheda in 

accordance to where he believes his team is ranked out of the five teams. Once the 

four games have been completed the researcher will sit down with the Drogheda team 

(excluding the coach) and ask them to rank the teams they played in the past four 

weeks, which will then give the team’s AMD value.  

2. Training Days/Week – To calculate Training Days/Week the researcher will use the 

same scoring system created by Kelly & Coutts (2007). If the team has less than four 

days to train before a game it will be scored higher than a match which is eight days 

away. Table 1 shows how the scores are allocated for each different number of days 

between matches.  
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3. Match Location can be scored from 1-3, where 1 is a home match, 2 is an away match 

and 3 is a match where the teams have to travel for more than two hours (Kelly & 

Coutts, 2007). 

Once these factors are calculated the PMD will schematically show a 4-week periodization 

plan (Figure 9), which the coach will try to adhere to the program for the next 4 weeks. At the 

end of the study, the players will create a team’s actual match difficulty (AMD) and post 

intervention comparisons will be made to assess the difference between the coach’s PMD and 

the team’s AMD (N = 3).  

Table 1 

Scores for 4-8 Training Days between Matches 

Factor  Score  

4 days  8 

5 days  6 

6 days  4 

7 days  2 

8 days  1 

 

 

         

        

        

        

        

        

        

        

        

        

        

        

        

        

        

        
Figure 9. 4-week Periodised Plan   
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Predicted Training Load (PTL): 

- Duration (minutes) X Estimated RPE (coach’s perspective)  

Actual Training Load (Foster’s method):  

- Duration (minutes) X RPE (Players perspective)  

Post intervention, a 4-week mesocycle will be created which will be used to compare coach’s 

PTL and the team’s ATL training session. 

Once all subjective (wellbeing questionnaire) and objective measures are collected then 

comparisons can be made to see if there is any type of relationship between the two measures.  

Data Analysis  

All TL's from each player using Foster's method will be gathered up individually and later used 

to create a mean for the whole team. PTL and ATL will be tested to see if there is a difference 

between the two. A total of 4 microcycles will be collected and visually shown on a 4-week 

mesocycle graph (Figure 10). The results will be later compared with each other to notice if 

the coach’s PTL matches the team’s ATL.  

All of the player's data (wellbeing questionnaire, RPE, TL, EWMA and RA values) will be 

collected using the Metrifit App. Once all the information for the variables are collected the 

Metrifit team will export the data onto an Excel file where the researcher can analyse the data. 

The researcher will complete a master graph consisting of all the 13 athletes who completed 

the study. Out of the 28 days, the researcher will create a mean average for each variable 

analysed. For example, Athlete 1’s mean mood state for the 28 days equals 4.62 (Table 6) It is 

important to mention that within the wellbeing questionnaire there are seven factors that will 

also be analysed, these include; Mood states, Energy Levels, Muscle Readiness, Sleep Duration 

(SDu), Sleep Quality, Yesterdays Diet, Health and Stress. Each factor is scored from 1-5, 

except SDu. A score of ≤2 is deemed to be in the red zone (poor), 3 is the orange zone (ok) and 

≥4 is the green zone (excellent). For SDu, a score of ≤ 6 hours sleep is deemed to be in the red 

zone, 7 hours sleep is the orange zone and ≥ 8 is the green zone. Comparisons will then be 

made to see if the is a significant relationship between the athlete’s wellbeing questionnaire 

(subjective measure) and the EWMA and RA methods (objective measure). 

Once the study is completed PMD will be compared with AMD. A week after the last game 

(game 4) has been played the players will rank each team the played and give them an AMD 
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value. A graph will also be schematically drawn to show if there is a correlation between PMD 

and AMD of each team Drogheda United played against.  

Test for hypothesis 1: Descriptive statistics will be collected for the PTL and ATL by using 

Excel. In Excel, t-Test will be conducted to assuming unequal variance between the two 

variables (Table 2 & 3).  

Test for hypothesis 2: Descriptive statistics will be collected for the EWMA and RA method, 

followed by a two sample t-Test, assuming equal variance between the two variables (Table 4 

& 5).  

Test for hypothesis 3: A correlation table will be created using excel investigating the 

relationship between subjective and objective based measures. The table will read from left to 

right, with each variable/title numbered from 1-11. The title on the y-axis investigates the 

relationship or correlation between with the number on the x-axis (Table 6). For example, 

Muscle Readiness has a significant relationship with 2 (Energy Levels).  

Test for hypothesis 4: Using table 6, the researcher will be able to investigate the relationship 

between subjective measures and TL values.  

Test for hypothesis 5: Descriptive statistics will be collected for the coach’s PMD and the 

team’s AMD. Analysis will be made using Pearson’s correlation coefficient tests between the 

two factors, to investigate if there is a significant relationship between the two variable.   

Ethical Considerations  

Since the group of athletes are under the age of 18 their parents will be asked to fill out the 

consent form for which every athlete can part take in the study. The information sheet will be 

given to every parent and athlete which will discuss the aims and objectives of the study. The 

athlete’s parents or guardians will also have to sign a consent form from Metrifit regarding the 

use of the application (See Appendix 2). Since the athletes are under the age of 18, they are 

required to use their parent’s phones, to facilitate the use of the application (app). Throughout 

the entire study, all participants' names will remain confidential except to the coaching staff 

and the researcher. The athlete’s names will not be mentioned in the write up of the study 

however, their numerical information will be used and graphically shown to help back up the 

researcher’s information. Since the athletes are signed with the Drogheda United team for the 

year, they will be asked that all athletes participate in the study but they are free to withdraw 

from the study at any time. If parents have any questions relating to the study they are welcome 
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to ring to talk to the researcher or manager. Once all consent forms are returned back to the 

researcher the study will begin (See Appendix 2). 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 



17 

 

Chapter 3 - Results 

Hypothesis 1 

The coach’s PTL (M = 605.5, SD = 48.71, n = 12) (Table 2) was hypothesised to have no 

significant difference between the team’s ATL (M = 457.83, SD = 63.02, n =12). This 

difference was significant t (21) = 6.42, p.0.00001, p < .001 (1 tail) (Table 3). Therefore, the 

null hypothesis that stated there was no significant difference between the coach’s PTL and the 

team’s ATL is rejected.   

Table 2      

     
Table 2: Descriptive Statistics between PTL & ATL  

     

PTL     ATL   

     
Mean 605.50  Mean 457.83 

Standard Error 14.06  Standard Error 18.19 

Median 600.75  Median 453.50 

Mode 585.00  Mode 554.00 

Standard 

Deviation 48.71  

Standard 

Deviation 63.02 

Sample Variance 2373.14  Sample Variance 3971.79 

Kurtosis 2.28  Kurtosis -0.83 

Skewness -0.46  Skewness 0.12 

Range 202.50  Range 182.00 

Minimum 495.00  Minimum 372.00 

Maximum 697.50  Maximum 554.00 

Sum 7266.00  Sum 5494.00 

Count 12.00   Count 12.00 
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Table 3   

   
t-Test: Two-Sample Assuming Unequal Variances  

   

  PTL ATL 

Mean 605.50 457.83 

Variance 2373.14 3971.79 

Observations 12.00 12.00 

Hypothesized Mean Difference 0.00  
Df 21.00  
t Stat 6.42  
P(T<=t) one-tail 0.000001  
t Critical one-tail 1.72  
P(T<=t) two-tail 0.000002  
t Critical two-tail 2.08   

Note: df = degrees of freedom, t Stat = t & P(T<=t) one-tail = p.  

 

  

 

   

  

  

  

  

  

  

  

  

  

  

  

  

  

Figure 10. Difference between PTL & ATL 

 

Hypothesis 2 

The observation level for noticing injury using the EWMA method (M = 0.83, SD = 0.12, 

n=13) was hypothesised to have no significant difference when compared to the RA method 

(M = 0.82, SD = 0.05, n=13) (Table 4). There was no significant difference, t (24) = 0.45, p = 
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0.33 (1 tail) (Table 5) and therefore, the null hypothesis that stated no significant difference 

between the EWMA and the RA method, in terms of noticing injury, is accepted.  

Table 4     

     
Descriptive Statistics between EWMA method and RA method   

     

EWMA_ACWR     RA_ACWR   

     
Mean  0.83  Mean 0.82 

Standard Error 0.03  Standard Error 0.01 

Median 0.83  Median 0.81 

Mode #N/A  Mode #N/A 

Standard Deviation 0.12  

Standard 

Deviation 0.05 

Sample Variance 0.01  Sample Variance 0.00 

Kurtosis 2.87  Kurtosis 1.47 

Skewness 1.20  Skewness -0.77 

Range 0.47  Range 0.20 

Minimum 0.66  Minimum 0.69 

Maximum 1.13  Maximum 0.89 

Sum 10.81  Sum 10.61 

Count 13.00   Count 13.00 

     
Table 5   

   
Table for t-Test: Two-Sample Assuming Equal Variances 

   

  

EWMA_ACWR 

(M)  

RA_ACWR 

(M)  

Mean 0.83 0.82 

Variance 0.01 0.00 

Observations 13.00 13.00 

Pooled Variance 0.01  
Hypothesized Mean 

Difference 0.00  
Df 24.00  
t Stat 0.45  
P(T<=t) one-tail 0.33  
t Critical one-tail 1.71  
P(T<=t) two-tail 0.66  

t Critical two-tail 2.06   

   

Note: df = degrees of freedom, t Stat = t & P(T<=t) one-tail = p.  
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Hypothesis 3  

Subjective measures (Energy Levels) were hypothesised to have no significant relationship 

between objective based methods (EWMA & RA). Table 6 demonstrated that there were no 

significant relationships between subjective measures and objective methods. However, there 

was a significant negative relationship between Sleep Quality and the EWMA. Therefore, the 

null hypothesis that stated no significant relationship between subjective based measures 

(excluding sleep quality) and objective based methods, is accepted (p > .05).  

Hypothesis 4 

Subjective based measures (Sleep Duration) was hypothesised to have no significant 

relationship with TL values. Table 6 demonstrated that there were no significant relationship 

between subjective based measures and TL values. Therefore, the null hypothesis that stated 

no significant relationship between subjective based measures and TL values, is accepted (p > 

.05).   
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Table 6            

            
Table of Subjective & Objectives 

Measures          

            

  

Mean (M) 

Mood States 

Energy 

Levels 

(M) 

Muscle 

Readiness 

(M) 

Sleep 

Duration 

(M) 

Sleep 

Quality 

(M) 

Diet 

Yesterday 

(M) 

Health 

(M) 

Stress 

(M)  

RTP 

(M) 

EWMA_ACWR 

(M)  

RA_ACWR 

(M)  

Athlete 1  4.62 4.17 4.31 8.38 4.38 4.31 4.72 4.45 88.38 0.88 0.88 

Athlete 2 3.66 3.45 4.03 7.74 3.66 3.83 3.93 3.93 74.93 1.13 0.89 

Athlete 3 4.93 4.90 4.93 9.72 4.93 4.93 5.00 4.93 98.31 0.80 0.85 

Athlete 4 3.76 3.28 3.72 8.26 3.79 3.72 3.69 4.17 74.52 0.90 0.80 

Athlete 5 4.00 4.07 4.10 8.38 4.17 4.10 4.14 4.31 83.17 0.76 0.85 

Athlete 6 3.83 3.83 3.90 8.05 4.00 3.83 4.00 4.03 78.84 0.78 0.81 

Athlete 7 4.50 4.46 4.61 8.86 4.75 4.71 4.79 4.68 93.04 0.84 0.78 

Athlete 8 4.72 4.17 4.24 8.76 4.28 4.10 4.00 4.90 86.97 0.83 0.80 

Athlete 9 4.83 4.38 4.28 8.84 4.86 4.52 4.90 4.38 92.00 0.70 0.83 

Athlete 10 4.04 3.70 3.96 8.19 3.89 4.37 4.26 4.59 82.44 0.79 0.69 

Athlete 11 4.14 4.04 4.04 9.29 4.00 4.14 4.00 4.36 81.94 0.93 0.85 

Athlete 12 4.66 4.41 4.34 8.17 4.48 4.21 4.17 4.52 87.49 0.66 0.78 

Athlete 13 4.07 3.93 3.83 7.53 4.10 4.03 4.28 4.24 81.24 0.83 0.80 

Note: M = Mean 
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Table 7             

             
Table of Correlations for Subjective & Objective 

Measures           

             

  1 2 3 4 5 6 7 8 9 10 11 12 

1. Mood States (M) --           
 

2. Energy Levels (M) .887*** --          
 

3. Muscle Readiness (M) .804*** .891*** --         
 

4. Sleep Duration (M) .635* .674* .706** --        
 

5. Sleep Quality (M) .899*** .930*** .850*** .630* --       
 

6. Diet Yesterday (M) .776** .849*** .875*** .696** .855*** --      
 

7. Health (M) .749** .793** .784** .502 .871*** .905*** --     
 

8. Stress (M)  .801*** .727** .731** .672* .661* .757** .527* --    
 

9. RTP (M) .924*** 0.955*** .914*** .701** .959*** .936*** .888*** .799** --   
 

10. EWMA_ACWR (M)  
-.517 -.538* -.241 -.175 -.576* -.379 -.352 -.404 

-

.504 
--  

 

11. RA_ACWR (M)  
.013 .079 .162 .139 .040 -.110 .095 -.315 

-

.007 
.478 -- 

 

12. TL Value  .185 .148 .206 .190 .158 .123 .210 .280 .200 .257 .330 -- 

             
Note: *p < .05, **p < .01, ***p < .001, two tailed. N = 13. (M) = Mean  
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Hypothesis 5  

The coach’s PMD (M = 6.33, SD = 3.21, n = 3) was hypothesised to have no significant 

relationship between the team’s AMD (M = 8.67, SD = 3.21, n = 3) (Table 8). This relationship 

was significant (p < .001) and therefore, the null hypothesis that stated no significant 

relationship between the coach’s PMD and the team’s AMD, is rejected (Table 9).  

Table 8     

     

Descriptive Statistics between PMD & AMD     

     

PMD     AMD    

     

Mean 6.33  Mean 8.67 

Standard Error 1.86  Standard Error 1.86 

Median 5.00  Median 10.00 

Mode #N/A  Mode #N/A 

Standard Deviation 3.21  

Standard 

Deviation 3.21 

Sample Variance 10.33  Sample Variance 10.33 

Kurtosis #DIV/0!  Kurtosis #DIV/0! 

Skewness 1.55  Skewness -1.55 

Range 6.00  Range 6.00 

Minimum 4.00  Minimum 5.00 

Maximum 10.00  Maximum 11.00 

Sum 19.00  Sum 26.00 

Count 3.00   Count 3.00 

 

Table 9   

   

Correlation Table between PMD & AMD 

   

  PMD AMD  

PMD --  

AMD  .5*** -- 

   

Note: ***p < .001, two-tailed. N = 3 
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Figure 11. PMD vs AMD      
 

Additional Research Question  

From observing the first two microcycles, (Figure 12) the results show that there was no 

similarity between the coaches’ PMD and the team’s ATL for MDTL.1. However, the coach’s 

PMD for game, 2 and 3 was much lower than the team’s ATL (Figure 12 & 13). As Kelly and 

Coutts (2007) suggested that the higher the PMD, the lower the TL should be in that week prior 

to competition. This was shown to be quite similar from the coach before MD 1, 2 and 3. 

However, in the lead up to the toughest game (MD 4) it was almost just as high as the as the 

previous week. Therefore the coach’s PMD did not accurate represent the team’s ATL for that 

week. 
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Figure 12. Mesocycle Week 1 & 2 - ATL vs PMD    

        
Note: TL. 1 = Training Load for Game 1. MDTL.1 = Match Day Training 

Load for Game 1.  

    

 

          

         

         

         

         

         

         

         

         

         

         

         

         

         

         

         
         

         
Figure 13. MD 2 +  Mesocycle Week 3 & 4 - ATL vs 

PMD     

         
Note: TL. 1 = Training Load for Game 1. MDTL.1 = Match Day Training 

Load for Game 1.  
 

 
 

10

4

0

2

4

6

8

10

12

0

100

200

300

400

500

600

700

TL.1 MDTL.1 TL.2 TL.3 MDTL.2

P
re

d
ic

te
d

 M
at

ch
 D

if
fi

cu
lt

y

A
ct

u
al

 T
ra

in
in

g
 L

o
ad

 V
al

u
e 

(A
U

)

ATL PMD

4

5

11

0

2

4

6

8

10

12

0

100

200

300

400

500

600

700

M
D

T
L

.2

T
L

.4

T
L

.5

M
D

T
L

.3

T
L

.6

T
L

.7

M
D

T
L

.4

T
L

.8

T
L

.9

P
re

d
ic

te
d
 M

at
ch

 D
if

fi
cu

lt
y

A
ct

u
al

 T
ra

in
in

g
 L

o
ad

 V
al

u
e 

(A
U

)

ATL PMD



26 

 

Chapter 4 - Discussion 

The purpose of this study was to monitor athlete TL, and to observe if the use of PMD could 

be used as a possible way to create micro periodised plans. The study also investigates the 

relationship between subjective measures (mood states) and objective measures (EWMA, TL 

values etc.) 

Hypothesis 1   

The results of the study indicated that there was a significant difference between the coach’s 

PTL and the team’s ATL. However, these results are in contrast with another paper (Redkva et 

al., 2016) who found no difference between the coach’s PTL and the team’s ATL. One possible 

limitation to Redkva et al. (2016) paper was the length of the study, as it only took place over 

a three week period, while compared to Brink et al (2014), which had similar results to ours, 

however, it was conducted over a 2-year period. The results of the paper indicated that on low 

training days (recovery sessions) the coach’s PTL value was reported lower than the team’s 

ATL value, while for regular training sessions, the coach’s PTL was reported higher than ATL 

value. However, throughout our study, the coach's PTL was reported higher for every training 

session. This misrepresentation may lead to each athlete being undertrained and could result in 

the athlete’s getting injured during in-season, as they have not adapted to the high demands of 

the National League.  

Hypothesis 2  

According to Murry et al. (2017), the EWMA model is a more sensitive measure to detect 

increases in injury with higher ACWR, compared to the RA model. However, these results are 

in contrast with ours as the researcher found no significant difference between the two models. 

A possible reason for this is because of the duration of each intervention. The researcher’s 

intervention only lasted 4-weeks, while the other paper lasted two years (Murray et al., 2017). 

Therefore, they were able to collect more information of each athlete, over a longer period of 

time, which would help improve the reliability and validity of each model (Murray et al., 2017). 

A possible reason as to why the RA model is not as accurate as of the EWMA, as it fails to 

take into account the decaying nature of fitness and fatigue over time. As a result, it may not 

accurately represent TL's in which they are accumulated (Bourdon et al., 2017). One other 

possible reason as to why the EWMA model may provide a better insight into noticing injury 

is because it assigns a decreasing weighting to compensate for the latency effect for the 

calculation of the AC loads (Williams, West, Cross & Stokes, 2017).  
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Hypothesis 3&4   

The results from the researcher’s paper showed that there was no relationship between 

subjective measures and objective measures. However, there was a significant negative 

correlation between ‘Sleep Quality’ and the ‘EWMA ACWR’. A possible cause for this 

significant negative correlation could be that as the athlete gets more sleep the lower the 

EWMA value drops.  Similar to hypothesis 3, there was no significant relationship between the 

team’s TL value and subjective measures (hypothesis 4). These results are similar to previous 

papers, (Saw et al., 2016; Govus et al., 2018) however, both studies did advise the use of 

subjective measures along with objective measures. A possible reason for this could be the fact 

that subjective measures notice acute and chronic TL’s with superior sensitivity and 

consistency compared to objective measures (Saw et al., 2016).  

Hypothesis 5  

From the results observed there was a significant relationship between the coaches PMD and 

team's AMD.  To the researcher's knowledge, this is one of the first few studies which 

investigated the relationship between PMD and AMD. Robertson and Joyce (2015 & 2018) 

recreated the original existing model, created by Kelly and Coutts (2007) in the hope of aiding 

coaches with a greater understanding of periodised plans. The researchers referred to PMD as 

MDI and found that opposition strength and match location to be the most influential factors 

that related to the coach's PMD value. This was reported to be the same within the researcher's 

study, however, when investigating the team's AMD they reported Game 3 to be the most 

difficult. A possible reason as to why the team thought that Game 3 was the hardest was because 

they lost the game, while compared to the other two games they either drew or won. The author 

of the study believes that it is important to mention that a possible limitation to the study was 

that the athletes did not wear any objective measures (e.g. HR monitors) throughout each game. 

Bourdon et al. (2017) suggest that while RPE measures are a beneficial and a cheap way of 

measuring TL, however, it is important to highlight that the person who is filling out the data 

is a youth athlete and perception of RPE values can be unreliable. While, if they are wearing 

HR monitors they cannot be subjective to their own TL value and coaches can accurately see 

how each athlete is coping throughout each game. Another possible limitation to the study was 

the number of games played in pre-season, which was a total of three. Due to the fact that the 

last game of pre-season was supposedly the toughest game (from the coach’s PMD) makes the 
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researcher believe that if the team played the Game 4 they would have had a different outlook 

on Game 3.  

Additional Research Question  

Kelly and Coutts (2007) designed a monitoring system to help aid coaches in designing 

periodised plans throughout the season. The researcher wanted to investigate if the model could 

be applied to pre-season. From the results observed, the researcher can conclude that the use 

of PMD can be used as a possible way to create micro and meso periodised plans. These results 

are similar to previous papers (Robertson & Joyce, 2015; Robertson & Joyce, 2018), however, 

both papers updated the existing model by breaking PMD into two categories; fixed (e.g. 

Opposition, match Location, between match break) and dynamic (Opposition rank, team form, 

ladder position, number of team changes from the previous week and number of first-year 

players). As a result, the researchers were able to take into account more variables, to help 

improve the PMD value.  

Limitations  

Prior to the commencement of the study, Drogheda United were supposed to have two technical 

and tactical training sessions, one S&C session and one match during the week. However, the 

S&C sessions were cancelled until the start of in-season training and one match was cancelled 

due to weather conditions. This could have had an impact on the EWMA and RA values at the 

end of the four-week intervention. A total of seven athletes were not included in the study, due 

to personal reasons and some did not fill out the Metrifit App regularly, therefore, their 

information was not included. As the athletes were under the age of eighteen, players had to 

fill out their information from the Metrifit app on their parent’s phone, as a result, some players 

forgot to fill the information in. Drogheda United was originally supposed to play four matches 

during the intervention, however, one match was cancelled, which could have had an impact 

of the coach's PMD and the team's AMD score. Another limitation to the study was that the 

researcher used the monitoring system designed by Kelly and Coutts (2007) rather than 

Robertson and Joyce (2018), as a result, it may have had an impact on the coach's PMD score. 

Future research should look to improve the length and sample size of the study, as it will help 

to improve the difference between EWMA and RA models. If ethical approval is given to future 

researchers they should get each athlete to have the Metrifit app on their phone, as this may 

reduce the chances of athletes not filling out the required daily information (mind and body 

questionnaire and training/match RPE value). Comparisons between subjective and objective 
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measures should be investigated into more detail and the use of the monitoring system, created 

by Robertson and Joyce (2018), should be investigated to see if it is a potential way to predicted 

micro periodised plans.  

Practical Application  

This study provides coaches with a better understanding into how PMD can be used as a 

potential strategy to create micro and meso periodised plans. Coaches who begin to investigate 

their own PTL, using Foster et al. (2001) method can compare it to the teams ATL post-training 

sessions. This will provide the coach with a better insight into what he/she is prescribing to 

their athletes for each training session. S&C and SS coaches should and combine subjective 

and objective measures, as it provides the coach with a greater insight into the athlete’s training 

stress.  

Conclusion  

This paper aimed at investigating the relationship between coach and player. Within the 

sporting world, there is quite a large debate around the topic of team managers/coaches not 

knowing what type of intensity they are prescribing to their athletes for each training session. 

This paper attempted to help tackle some of the issues around a coach’s prescribed load for 

each training session, by introducing a particular monitoring strategy and different measures to 

help improve an athlete’s development by reducing illness and injury. The findings showed a 

significant difference between the TL prescribed by the coach compared to the team’s ATL 

and there was no significant difference between the coaches PMD and the team’s AMD. The 

EWMA model has been suggested to be a more accurate way for noticing injury, however, 

over a four-week period, there was no significant difference between EWMA and RA model. 

When investigating the relationship between subjective and objective measures, the majority 

of them did not correlate. However, previous literature has stated that the use of both measures 

interdependently could provide the coach with a better insight into the athlete's training stress 

(Bourdon et al., 2017).  
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Appendix 1 – Coach’s Training Sessions & Training Load Value  

 

Preseason Week 4 

10 11 12 

Tues 12.02.19 Thurs 14.02.19 Sat 16.02.19 

6.15-6.30 Players arrive, Foam Rollers,  

Session Intro 

 

6.15-6.30 Players arrive, Foam Rollers,  

Session Intro 

A v 

Cabinteely 

80mins  

6.30-6.40 Warm Up A+BvC (10min) 

EPE 1touch (5mins) 

6.30-6.45 Warm Up A+BvC (10min) 

EPE 1touch (5mins) 

  

Venue tbc 

 

k.o. 2pm 

6.40-7.10 

 

6.40-6.55 

6.55-7.10 

11v9 Att – Att ½  

2x15min 

1. Attacking – wide Areas   

2. Attacking – central areas  

Set Pieces For with Tx to Def 

(Corner1, FK1) 

 

6.45-7.30 

 

6.45-7.10 

7.10-7.30 

11v9 Att – Att ½  

2x20min 

1. Attacking – wide Areas   

2. Attacking – central areas  

Set Pieces For with Tx to Def 

(Corner1, FK1) 

 

7.10-7.15 Reflection 7.30-7.40 Two Sets 6x15m to 100% 

Ball start Ball Finish 

10sec Recovery  

 

7.15-8pm Club-Parent-Player Meeting 

 

7.40-7.50 Finishing Exercise 

8pm Players free to Leave 

 

7.50-8.00 Cool down 

  8.00 Lunchboxes 

Players free to Leave 

 RPE – 6  RPE – 6.5 RPE – 8 

 ETL Value = 540  ETL Value = 585  ETL = 640 
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Preseason Week 5 

13 14 15 

Tues 19.02.19 Thurs 21.02.19 Sun 24.02.19 

6.15-6.30 Players arrive, Foam Rollers 

Session Intro 

 

6.15-6.30 Players arrive, Foam Rollers  

Session Intro 

A v Carlow / 

Kilkenny 

6.30-6.45 Warm Up A+BvC (10min) 

EPE 1touch (5mins) 

6.30-6.45 Warm Up A+BvC (10min) 

EPE 1touch (5mins) 

MDL, Navan 

Co.Meath 

 

k.o. 2pm 

6.45-7.30 10v10 

2x20min On 

1. Defending – Mid 1/3 

Including defending free kicks 

2. Attacking – Mid 1/3 

Set Pieces For with Tx to Def 

(Corner2, FK2) 

6.45-7.30 

 

 

 

 

10v10 

2x20min On 

1. Defending – Def 1/3 

Include defending free kicks 

2. Attacking – Att 1/3 

Set Pieces For with Tx to Def 

(Corner 3, FK 3) 

7.30-7.40 Two Sets 7x15m to 100% 

Ball Start Ball Finish 

10sec Recovery  

7.30-7.45 5v5 with bouncers 

6x2min games 

 

7.40-7.50 Quick Finishing  7.45-7.55 Two Sets 7x10m to 100% 

Ball Start Ball finish 

10sec Recovery  

7.50-8.00 Warm Down 7.55-8.00 Cool down  

8.00  Lunchboxes 

Players free to Leave 

8.00  Lunchboxes 

Players free to Leave 

 RPE – 6.75  RPE – 6.5 RPE – 8 

 ETL Value = 607.5  ETL Value = 585 ETL Value = 640 

 

Preseason Week 6 

16 17 18 

Tues 26.02.19 Thurs 28.02.19 Sun 03.03.19 

6.15-6.30 Players arrive, Foam Rollers 

Session Intro 

6.15-

6.30 

Players arrive, Foam Rollers  

Session Intro 

 A V Longford  



37 

 

6.30-6.45 Warm Up A+BvC (10min) 

EPE 1touch (5mins) 

6.30-

6.45 

Warm Up A+BvC (10min) 

EPE 1touch (5mins) 

MDL  

Navan,  

Co.Meath 

 

k.o 2pm 

  

  

  

  

6.45-7.10 6x5m, 30sec Recovery 

4x15m, 50sec Recovery 

3x25m, 65sec Recovery 

 

Ball Start Ball Finish 

6.45-

7.30 

 

 

 

 

10v10 

2x20min On 

1. Defending – Def 1/3 

Include defending free kicks 

2. Attacking – Att 1/3 

Set Pieces For with Tx to Def 

(Corner 3, FK 3) 

7.10-7.30 Conditioning Games – 4v4 

Two Sets 6x2min  

1.5min Dynamic Recovery 

between games 

7.30-

7.45 

5v5 with bouncers 

6x2min games 

Speed of Play 

 

7.30-7.45 Finishing Exercise 7.45-

7.55 

Finishing Exercise 

7.45-7.50 Cool down 7.55-

8.00 

Cool down  

7.50-8.00 Lunchboxes 

Players free to Leave 

8.00  Lunchboxes 

 RPE – 7.75   RPE – 6.5 RPE – 8 

 ETL Value = 697.5  ETL Value = 585 ETL Value = 640  

 

 

 

Preseason Week 7 

19 20 21 

Tues 05.03.19 Thurs 07.03.19 Sat 09.03.19 

6.15-6.30 Players arrive, Foam Rollers  

Session Intro 

6.15-6.30 Players arrive, Foam Rollers  

Session Intro 

TBC v Bray 

Wanderers 

6.30-6.45 Warm Up A+BvC (10min) 

EPE 1touch (5mins) 

6.30-6.45 Warm Up A+BvC (10min) 

EPE 1touch (5mins) 

  

  

  6.45-7.00 7x5m, 30sec Recovery 6.45-7.00 Conditioning Games – 4v4 
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4x15m, 45sec Recovery 

2x25m, 60sec Recovery 

Ball Start Ball Finish 

Two Sets 6x1min On 

2min Recovery  

  

 

7.00- 7.45 10v10 

2x20min On 

1. Transition to Defend  

Include set pieces for with T2A 

2. Transition to Attack 

Include set pieces against with 

T2A 

7.00-7.30 10v10 – Maintaining Balance 

2x15min On 

1. Attacking 

2. Defending 

 

7.45-7.55 Finishing Exercise 7.30-7.45 7x5m, 30sec Recovery 

4x15m, 45sec Recovery 

2x25m, 60sec Recovery 

Ball Start Ball Finish 

7.55-8.00 Cool Down 7.45-7.55 Finishing Exercise 

8.00 Lunchboxes 

Players free to Leave 

 Cool down 

  7.15 Lunchboxes 

   Players free to Leave 

 RPE-6.5  RPE-6.8 RPE-8.5 

 ETL Value = 585   ETL Value = 612 ETL Value = 680  

 

Preseason Week 8  

22 23 24 

Tues 12.03.19 Thurs 14.03.19 Sun 17.03.19 

6.15-6.30 Players arrive, Foam Rollers  

Session Intro 

 

6.15-6.30 Players arrive, Foam Rollers  

Session Intro 

Shelbourne v 

Drogheda  

6.30-6.45 Warm Up A+BvC (10min) 

EPE 1touch (5mins) 

6.30-6.45 Warm Up A+BvC (10min) 

EPE 1touch (5mins) 

  

  

  

  

6.45-7.30 10v10 Team Shape 

2x20min On 

6.45-7.00 Two Sets 10x15m 

10sec Recovery 
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1.Attacking Balance 

2. Defending Balance 

5min Recovery/Reflect 

Ball Start Ball Finish 

7.30-7.45 Finishing Exercise 7.00-7.30 10v10 Team Shape 

2x12min On 

3min Recovery/Reflect 

7.45-7.50 Cool down 7.30-7.45 6x2min games with bouncers 

1min Dynamic Recovery  

7.50-8.00 Lunchboxes 7.45-7.55 Finishing Exercise 

8.00 Players free to Leave 7.55-8.00 Cool down 

 

  8.00 Lunchboxes 

Players free to leave 

 RPE-5.5  RPE-6.6  

 ETL Value = 495  ETL Value = 594 ETL Value =  
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Appendix 2 – Parental Consent & Clearance Form  

Statement of Purpose 

 Our Team / Club have decided to implement the Metrifit Health and Wellbeing platform for 

use with our team(s), athletes/players for this season. This system will facilitate training and 

communication and will collate information gathered from the athlete in order to monitor and 

enhance the training experience. We believe that using this system will be very beneficial to 

all athletes as it will assist in developing and improving performance as well as looking after 

their well-being.  

Background Health and Sport Technologies 

 Health and Sport Technologies Ltd, a young dynamic company was set up in 2010 and 

recognized a gap in the market in the area of sports monitoring. During development of our 

Metrifit system, the company made extensive use of a technical advisory board with expert 

knowledge in the sports arena. The system collects, collates and analyses key information for 

the athlete. Data is input by the user (athlete) or coach/staff and viewable by the user / coach / 

manager and other support staff. Reports are provided in both tabular and graphical formats at 

both the individual and team level as required. A SMS and email alerting system is also 

included to notify coaches and athletes of key events when requested.  

When quality information is collated by the system over a period of months it becomes possible 

to apply data mining algorithms which will enable prediction of trends and patterns for the user 

and the team. The algorithms which we are developing will be fined tuned for individual sports 

during this process and will look at underlying patterns and interactions between various 

performance indicators and metrics to help develop optimal training plans, predict injury and 

other outcomes. Collation of monitoring data over longer periods of time will aid the important 

process of talent identification and development within sporting associations.  

Data Protection  

Health and Sport Technologies affirm that they conform to the requirements of the Data 

Protection Act, 1998 and the Data Protection Amendment Act 2003 and GDPR Act 2017. All 

personal data will be maintained in accordance with the obligations of that Act. In particular, 

they will put in place and maintain security processes of a standard conforming to the 

requirements of the Act. Said processes shall also conform to the requirements of the 
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International Standards Organisation’s ISO Standard 27034-1. Health and Sport Technologies 

are a data processor i.e. we hold and process personal data but do not exercise responsibility 

for or control over the personal data. As a data processor responsibilities concern the necessity 

to keep personal data secure from unauthorised access, disclosure, destruction or accidental 

loss. Health and Sport Technologies affirm that it shall be a data processor, and the client shall 

be the Data Controller for any personal data processed in connection with the Performance 

Management System. Health and Sport Technologies shall not process personal data provided 

by or on behalf of the client except as instructed by the client. For the purposes of any 

agreement as between Health and Sport Technologies and the client, aggregated and 

anonymized data shall not be considered personal data, and Health and Sport Technologies 

may use same for research or other purposes. Further information regarding our Privacy Policy 

and Terms and Conditions of use can be found on our website at the following location. 

http://metrifit.com/privacy/ 

Parental Consent 

As a parent or legal guardian of __________________________, I have read and understand 

the Terms and Conditions for use of Metrifit and agree to allow my child to use this product as 

determined by the requirements of ______________________  

Childs Name (Please Print): _________________________________________________ 

Parent (Guardian) Signature: _________________________________________________ 

Date: _____ /______ /_________  

Please complete and return this form by: 31/01/19 

 

 

 

 

 

 

 

 

http://metrifit.com/privacy/
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Clearance Form 

 

 

Approval has been granted for the methodology outlined by Jack Donnellan (student) and 

clearance has now been given for the project to proceed. 

 

Signed:         (Advisor) 

 

 

 

Student’s signature 

 

……………………………………………… 

 

Date: 18/04/19 

 

 


